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Abstract: - In order to estimate the population, mean of a study variable under a straightforward random sampling 

without replacement framework, this paper presents a naive broad family of ratio estimators that make use of a 

variety of auxiliary measures. The study looks at particular instances that include auxiliary data like the median, 

quartile deviation, and coefficient of variation. A first-order approximation is maintained for the introduced 

estimators' bias and Mean Square Error (MSE). Furthermore, real-world data is used to validate the performance 

of the introduced estimators, and theoretical conditions are supplied for comparing their efficiency with those of 

existing estimators. The suggested estimators are more effective than other ratio-based estimators, as shown by 

numerical analysis, making them suitable for use in a variety of real-world situations.  
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1. Introduction 

Although it is always better to calculate the parameter in question rather than estimate it, doing so can be costly 

and time-consuming when the population is large. A labor, money, and time efficient alternative to thorough 

enumeration is sampling. Since the associated statistics are the best estimate for the parameter under study, the 

sample mean y  is most suited for the population mean. The auxiliary variable X is crucial while estimating the 

parameters of the primary variable Y. If it has a positive connection with Y, ratio type estimators are used for 

greater population mean Y estimates. On the other hand, product type estimators are used to enhance the 

estimation of when X and Y have a negative correlation. When dealing with large populations or when it is not 

feasible to collect data from every unit, sampling procedures are commonly employed. These methods provide a 

practical means of examining the characteristics of a target variable by examining a subset of the population. 

Sample statistics are typically employed to estimate population parameters; for example, y is a frequently used 

estimator for Y because of its objectivity, even when there may be significant volatility. Much work has been 

done to improve existing methods in order to create estimators that are more effective. Many of these efforts focus 

on using supplementary data to increase the precision of sample-based population parameter calculations. Many 

authors from all over the globe used the auxiliary information in different forms for enhanced estimation of Y

and suggested various efficient estimators of Y .  

 Utilized data on X that has a strong 

positive correlation with Y to create the classical ratio estimator [1]. [2] suggested a better estimator for by adding 

X data from sample surveys. [3] used the known coefficient of variation (CV) of X to create a modified ratio 

estimator. [4] investigated techniques for effective estimating Y  using regression and ratio estimators. While [6] 

worked on an elevated estimator for by combining the known CV and coefficient of kurtosis of X, [5] suggested 
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a novel estimator for Y  by using the coefficient of kurtosis. In order to improve Y estimate, [7] improved the 

ratio estimator by employing the known correlation coefficient, and [8] concentrated on creating better ratio 

estimators. modified ratio estimators that use unconventional auxiliary parameters to estimate Y with efficiency 

[9]. [10] identified several estimators as belonging to their family and presented a general family of ratio 

estimators for Y . While [12] enhanced the estimate of Y using the known coefficient of skewness of X, [11] 

created effective estimators for Y . suggested an effective estimator for using X's known quartile information 

[13]. [14] used the quartile deviation of X with the coefficient of skewness to create new ratio estimators for Y . 

Lastly, a generic family of estimators based on auxiliary parameters was developed by [15]. 

[16] suggested elevated ratio estimators for Y using non-traditional measures of dispersion while [17] created an 

effective class of ratio estimators for Y using known auxiliary parameters. By adding auxiliary factors, [18] and 

[19] presented enhanced estimators that took non-response cases into consideration. A generalized class of 

estimators for Y the effective estimate of was proposed by [20]. In order to improve the estimation of average 

peppermint yield using known auxiliary information (X), [22] presented a naive class of estimators. [21] 

concentrated on the effective estimation of average paddy output using robust measures. [23] used simulation 

simulations to investigate resilient ratio-type estimators for simple random sampling (SRS). 

[24] proposed an advanced class of estimators for Y leveraging known auxiliary parameters, while [25] 

introduced a refined family of estimators utilizing X information for improved estimation of Y . Numerous other 

researchers have also contributed to the development of enhanced estimators for Y by utilizing known auxiliary 

parameters. The remainder of this paper is organized into various sections.  [24] suggested an advanced class of 

estimators for leveraging known auxiliary parameters while a revised family of estimators using X information 

was presented by [25] for better estimation of Y .  The development of improved estimators for using known 

auxiliary parameters has also been aided by numerous other researchers. The rest of this work is divided into 

different sections.   

The remaining work is broken down into numerous sections, including the comparison of theoretical efficiency, 

the suggested estimator, the review of estimators, the numerical analysis, and the comparison of the outcomes. 

2. Review of Estimators 

The most suitable statistic for Y  is the y but with large variance and we search for the estimator with least 

variance or MSE. This is obtained by using the auxiliary variable having high degree of correlation with the main 

variable. Table-1 represents different estimators of Y  using the known auxiliary parameters along with their 

MSEs. 

Table-1: Various estimators and their MSEs 

S.No. Estimator MSE 
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3. Proposed estimator 

Motivated by [26] and many other authors in the literature, we have introduced a generalized estimator for 

estimation of Y as,  
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Where,  is the scalar to be obtained such that MSE of 
pt is least.  
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To study the large sampling property of 
pt , the following approximations are used, 

𝑦̅ = 𝑌̅(1 + 𝑒0), 𝑥̅ = 𝑋̅(1 + 𝑒1),  with 𝐸(𝑒0) = 𝐸(𝑒1) = 0 and
2 2
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Subtracting Y on both sides of above equation, we have, 
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We have bias of 
pt as, 
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Squaring on both sides of (2) and for order one, we have, 
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Putting values of different expectation, we get the MSE of 
pt , as, 
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Differentiating )( ptMSE with respect to  and putting it equal to zero, we get, 
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Putting the value of 
opt in (4), we get the minimum value of )( ptMSE as,  
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4. Efficiency Comparison 

A theoretical comparison of efficiencies of different estimators with the proposed estimator has been presented in 

Table-2 and the efficiency condition has also been obtained.  

Table-2: Efficiency conditions of 
pt  over competing estimators 

S.No. Estimator MSE 
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5. Numerical Study 

To verify the theoretical results, we have considered the following population, given in [26]. The various 

parameters of the above population are shown in Table-1.  

Table-1: Parameters of the population 

49=N  20=n  1633.116=Y  6735.98=X  8286.98=yS  

9709.102=xS  7642.7021=yxS  8508.0=yC  0436.1=xC  64=dM  

9878.52 =  50.78=QD  69.0=  02959.0=  6126.0=yxC  

The MSE and Percentage Relative Efficiency (PRE) of the estimators with respect to Rt  are presented in Table-

2. 

Table-2: MSE and PRE of the estimators 

S. No. Estimator MSE PRE 

1. Rt
 

232.2501 100.00 

2. 1t  
228.3407 101.71 

3. 2t  
212.0423 109.53 

4. 3t  
231.5848 100.29 

5. 4t  
212.7862 109.15 

6. 5t  154.8349 150.00 

7. optpt )(
 

151.4416 153.36 

 

The graphs and MSE and PRE are presented in Figure-1. 
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Figure-1: MSE and PRE of different estimators 

 

6. Result and Conclusion 

For better estimate in this work, we presented a generalized class of ratio estimators. The first-order approximation 

of the bias and MSE is obtained. Efficiency requirements are determined by theoretically comparing the 

performance of the introduced estimators with that of the current estimators. An actual dataset is used in order to 

validate these theoretical findings. The new estimator's MSE is 151.4416, as Table 2 clearly shows, whilst the 

competing estimators' MSEs fall between [154.8349, 232.2501]. Furthermore, the PRE of the recommended 

estimate is 153.36, but the PRE of the competing estimators is within the range [100.00, 150.00]. In Figure-1, 

these results are also shown as graphs. The suggested estimator is thus the most successful of the compared 

estimators since it obtains the lowest MSE and the highest PRE, as indicated in Table 2. As a result, the given 

estimator can be used efficiently for precise estimation in a variety of applications. It should be mentioned that 

more effective modified estimators may be created in the future and applied in a range of fields. For instance, the 

average production can be estimated using local information, the factory average production can be estimated 

using units as auxiliary information, the current year average can be estimated using last year's information, etc. 
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